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Report: Research on Data Analytics 

 

1. Purpose:  
This report summarizes the research on data analytics and learning analytics. The long-term goal 

is to implement learning analytics at the University of Bristol to benefit students’, but also teachers’ 

academic life. The report was written by BILT student fellow Johannes Schmiedecker who worked 

for BILT from January 2019 till July 2019 to conduct research on this project. The main focus of 

the project was to capture what students think about learning analytics and state their opinion on 

what the university should do with student data. The report will first define learning analytics and 

then discuss case studies of another University, which implemented learning analytics in their 

University life. Furthermore, the current situation at the University of Bristol will be outlined and 

the conducted interviews, workshops and questionnaires will be explained.  
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2. What is learning analytics? 
Learning analytics is a fast-growing area of Technology-Enhanced Learning (TEL) research. It 

uses data from students and their activities to help university institutions understand and improve 

educational processes, as well as to provide better support to students and staff. Learning analytics 

combines expertise from different academic disciplines such as educational data mining and 

predictive modelling and is influenced by a wide range of disciplines including education, 

psychology, philosophy, sociology, linguistics, learning sciences, statistics, intelligence and 

computer machine learning/artificial science. The two most dominant disciplines of the key 

researchers in the field are computer science and education. Siemens and Gašević have defined 

learning analytics as “the measurement, collection, analysis and reporting of data about learners 

and their contexts, for purposes of understanding and optimising learning and the environments 

in which it occurs.” 

This makes learning analytics such an interesting but also complicated field, in which a lot of 

different factors play a role. Usually universities have two main aims when they are processing 

and analysing student data with learning analytics: improve retention (finding students who are at 

risk of dropping out and targeting them individually) and/or student wellbeing (finding students 

who are struggling mentally or have wellbeing issues and targeting them individually).  

• For more information, see: https://www.jisc.ac.uk/sites/default/files/learning-analytics-in-he-

v3.pdf  

 

3. NTU DASBOARD – a role model? 
Various Universities implemented different projects about data analytics. One case study I have 

investigated in more detail is the ‘Student Dashboard’ from Nottingham Trent University (‘NTU’), 

which was the first university in the UK to implement an institution-wide Dashboard from students 

as well as tutors to enhance the academic experience. The aims of this project were to enhance 

retention, helping students to increase attainment and improve students’ sense of belonging to their 

course. 

 Rationale 

An earlier project of the NTU had found that up to one third of students had considered leaving 

the university during their first year. These ‘doubters’ were less confident about coping with their 

studies, less engaged with their course, formed weaker relationships with peers and tutors, and 

were ultimately more likely to withdraw early. This apparent detachment from teaching staff meant 

that tutors were at risk of putting effort into assisting those who requested support, rather than 

those who most needed it.  

 Planning and implementation 

To tackle this problem, the University partnered with the education technology company DTP 

Solutionpath, and spent 2-3 months developing a technology and testing the system, as well as 

ensuring legal and ethical issues were appropriately addressed.  The dashboard is designed with 

the following features: students and staff see precisely the same information, the dashboard sends 

https://www.jisc.ac.uk/sites/default/files/learning-analytics-in-he-v3.pdf
https://www.jisc.ac.uk/sites/default/files/learning-analytics-in-he-v3.pdf
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an email alert to tutors when student engagement stops for two weeks, the dashboard enables tutors 

to make notes about agreed actions as they work with students and demographic data is not 

included, only data about student engagement whilst on course. Each student receives one of five 

engagement ratings: High, Good, Partial, Low and Not Fully Enrolled, as shown in the following 

graph. 

 

 

The dashboard enables students to check their engagement against their peers, and tutors to discuss 

the students’ performance with them. Two visualization charts show a progress line indicating 

engagement, comparing individual students with the rest of the cohort, and showing the student’s 

engagement rating. The dashboard was created with a simple interface, so it would be quick and 

easy for both tutors and students to learn to use. Students and tutors can access the same interface, 

with the only difference between the two being that tutors can add comments into their dashboard 

detailing any discussions with the student. In the 2013/14 academic year, the University piloted 

the dashboard with just over 500 students. The pilot successfully demonstrated the value of 

learning analytics, and the Dashboard was implemented throughout the whole University in 

September 2014 

NTU’s Student Dashboard uses four metrics identified as being crucial factors in student success: 

• Attendance on campus, measured through swipe card data on building access  

• Library usage  

• Attendance in tutorials  
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• Use of the VLE (Virtual learning environment) 

Those indicators in the analytics are calculated from door swipes into academic buildings, visits 

to the VLE, the submission of assignments and a count of when library resources were taken from 

the library. These were selected from a range of variables using the Solutionpath algorithm that 

identified them as the most significant indicators of student engagement. Each student receives 

one of five engagement ratings: High, Good, Partial, Low and Not Fully Enrolled.  

On the legal side NTU is using the same core systems as it was previously, so existing computing 

use policies and student enrolment conditions already provide a sufficiently robust legal 

framework to cover the Dashboard’s operation. However, in September 2015, the University 

implemented a policy for the ‘Use of learning analytics to support student success’. 

Outcomes 
The pilot showed that greater engagement was positively related with both progression and 

attainment, based on four courses. Analysis of a far larger dataset for first year students showed 

that student’s engagement was a far more important predictor of progression than data such as 

background characteristics or entry qualifications. For final year students there was a strong 

association between engagement and a final degree classification: 81% of students with a high 

average engagement graduated with a 2:1 or first class honours degree, whereas only 42% of 

students with a low average engagement did.  

In a survey of first year students, 27% said that they had changed their behaviour in response to 

data on the dashboard. Some students did more academic activities, e.g. independent learning, 

although this is not measured in the dashboard. Others competed to have the highest engagement 

score. There is a possibility of bias however here, because the dashboard may help those students 

who are already articulate and engaged 

Potential issues 

In a Skype interview Ed Foster, Student Engagement Manager at the NTU and an expert in learning 

analytics, mainly responsible for implementing the NTU Student Dashboard, talked about the 

project.  He explained that one major thing which turned out to be problematic was how to monitor 

attendance comprehensively. The NTU uses a QR-Code for lectures and other classes which are 

shown at the beginning of the classes at a screen and students can scan the QR-Code which 

automatically registers them as being present. However, this method could easily be circumvented 

as students could share the code by email, messages or even on social media to peers which were 

then, although not physically present, officially listed as attendant. NTU discussed about other 

techniques such as using the WIFI log-in to say if someone was present, but this was quickly 

discarded as way too intrusive to student’s privacy. In the end they came to the conclusion that 

having an all-embracing monitoring policing which is safe against cheating is probably not the 

best option as it goes hand in hand with invading into students’ privacy rights. Therefore, they kept 

the QR-code method to monitor attendance. 

Ed added that another issue was what he called ‘false-positives alerts’, which describes that a non-

engagement of two weeks, which automatically triggers the alert, does not necessarily mean that 
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the students has problems at university. Sometimes the student is taking a longer break or has other 

responsibilities apart from the university.  

The third major problem was that the dashboard was particularly helpful to already engaged 

students and did not necessarily help students at risk of dropping out or students with mental health 

issues. Students who are well engaged used the system actively to compare themselves with other 

colleagues and get information on how well they are doing in their classes. 

Finally, the monitoring policy at the NTU was implemented to the whole university across all 

different subjects. This may be an issue for the University of Bristol, as there are different 

attendance policies depending on the respective institute. 

Personal assessment 
The NTU dashboard is an interesting example of how universities can use student data for learning 

analytics purposes. It can be helpful in identifying students who are not engaging in their classes 

and can provide useful information for students how well they are doing compared to their peers. 

However, such a dashboard cannot be automatically applied to the University of Bristol, as the 

problem in Bristol is not so much student dropout rates but rather student wellbeing issues. A 

dashboard which signals tutors or wellbeing officers when students do not engage enough in their 

classes can be helpful in finding struggling students but does in no way replace the actual duty of 

the university to help those students who may need help. In the end the most important thing is 

what the university stuff does as soon as they realize that a student is in need and may need help, 

therefore such a dashboard system can only give information on students but it is up to the 

university to actually do something about it.  

Sources 

• https://analytics.jiscinvolve.org/wp/files/2015/07/jisc-la-network-ed-foster-ntu.pdf 
• https://analytics.jiscinvolve.org/wp/files/2016/04/CASE-STUDY-I-Nottingham-Trent-

University.pdf 

• https://www4.ntu.ac.uk/adq/document_uploads/running_a_course/164304.pdf 

• Skype call with Ed Foster, Student Engagement Manager at the NTU 

  

https://analytics.jiscinvolve.org/wp/files/2015/07/jisc-la-network-ed-foster-ntu.pdf
https://analytics.jiscinvolve.org/wp/files/2016/04/CASE-STUDY-I-Nottingham-Trent-University.pdf
https://analytics.jiscinvolve.org/wp/files/2016/04/CASE-STUDY-I-Nottingham-Trent-University.pdf
https://www4.ntu.ac.uk/adq/document_uploads/running_a_course/164304.pdf
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4. Current situation at the University of Bristol 
To get an overview of the situation at the University of Bristol, I talked to various people and 

conducted online research at the beginning of my project. The following graph gives a quick 

overview of the available data and what it is/can be used for.  

 

 

Available data sources 

My impression is, that there are a lot of data sources available. Via the Virtual Learning 

Environment Blackboard, a lot of (potential) useful information is collected: When and how often 

students log into Blackboard, which tools are they using and which ones are maybe not utilized 

very often. At which point of the lecture are students pausing the RePlay-tool, which indicates that 

there may be content which is more difficult to understand for students and may need repetition or 

further explanation by the tutor.   

With Swipe Card data students’ attendance at university classes and libraries can be captured. 

From my own experience the swipe card data can be quite comprehensive as in almost all facilities 

at the university the cards are needed for entry. This data is not restricted to ordinary classes, but 

also for extra-curricular activities such as attendance in gym or memberships in societies which 

can provide a more comprehensive picture of the activities of students and can inform about their 

balance between studies and free time interests.  

Assessment data can provide a good overview of the students’ performance in exams and essays. 

Library usage data can be gathered to get information on when students visit the library, which 

books are borrowed and how long they are borrowing books. However, this may not give a 

comprehensive picture of students’ activities in the library since firstly, in most libraries, students 

need the swipe card to enter, but not when they leave the building. That is why the data does not 

give information on how students stay in the facility. Furthermore, it is not captured, when students 

use books from the shelfs in the library but not officially borrow them. That is why the data on the 
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borrowed books does, in most cases, not give an accurate picture on the students’ usage of the 

library facilities.  

Data from the Student Record System includes demographic data such as gender, ethnicity, 

education, address, prior qualification or financial situation. Some stakeholders use Google 

Analytics, mainly for marketing purposes.  

However, the available data is not stored at one central institution. Different stakeholders collect 

data and store it separately. Compared with the project at the NTU, we can see that all the data that 

has been used in the project of the NTU, would be available in the UoB as well.  

Data Protection policies of the UoB 

The University has a number of policies related to data protection and privacy which apply to all 

members of staff employed by the University. The data protection policy, which is based on the 

GDPR, the General Data Protection Regulation, can be viewed vis this link: 

(http://www.bristol.ac.uk/media-library/sites/secretary/documents/information-governance/data-

protection-policy.pdf). Furthermore, the UoB is basing their data processing on the Student 

Agreement, which every student agrees to prior to starting their studies at the University of Bristol 

(http://www.bristol.ac.uk/media-library/sites/secretary/documents/student-rules-and-

regs/student-agreement-2018-19.pdf).  

Learning Analytics at the University of Bristol  
The University of Bristol currently has descriptive and diagnostic analytics, largely at an 

institutional level, but there is some limited descriptive analytics at a student level via My Student 

(which will be decommissioned and replaced as part of SLSP – Student Life Cycle Programme).  

However, there is potential to use student data more comprehensively for learning analytics 

projects and the University is currently in the process of figuring out what it wants to do with 

student data. 

For more information on the current developments at the UoB, see the report on Learning Analytics 

and Wellbeing from Jen Morgan, Director of Registry Services.  

  

http://www.bristol.ac.uk/media-library/sites/secretary/documents/information-governance/data-protection-policy.pdf
http://www.bristol.ac.uk/media-library/sites/secretary/documents/information-governance/data-protection-policy.pdf
http://www.bristol.ac.uk/media-library/sites/secretary/documents/student-rules-and-regs/student-agreement-2018-19.pdf
http://www.bristol.ac.uk/media-library/sites/secretary/documents/student-rules-and-regs/student-agreement-2018-19.pdf
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5. Workshops and interviews 

February 2019, Interviewing students:  
On Monday, 25th February 2019, the BILT Student Fellows conducted interviews with various 

students about data analytics (and other topics) at the university campus in front of Senate House. 

The aim of the interviews was to find out what students know about data collection in higher 

education and what their attitude towards data analytics is. The method of the interviews, which 

in average lasted around ten minutes, was an informal discussion, based on the following 

questions:  

• What do you know about data? What do you think data analytics is useful for?  

• What (do you think) data is the University of Bristol collecting?  

• Does it bother you that the University collects and stores data about you? Would you mind 

if the data is anonymized?  

• After presenting students the main features of the Student Dashboard project at 

Nottingham Trent University: What do you think about it? Would it be a good idea to 

implement a similar project at the University of Bristol? Should the University spend 

money on data analytics projects?  

• What data should be included in data analytics?  
o Attendance data?  
o VLE usage?  
o Exam grades?  
o Demographic and sensitive data?  
o Extra-curricular data such as memberships in societies, usage of the sports facilities 

at the university, attendance at university events   
o Facial recognition at the University campus?   

• Where is your personal border for data processing at the University? What would still be 

ok and what would infringe your privacy?   

  

 As expected, the reactions from students were mixed: some students were very reluctant when it 

comes to collecting and analysing student data and attendance, as one student pointed out: 

“university is something that you choose and not something that you are forced to do, but if you 

have got surveillance and people are watching you all the time, it’s not really the point of university 

– it feels more like school”. Others were more open and did not mind if the university would 

process swipe card data or blackboard usage from students.  

When confronted with the project in Nottingham Trent University, students reacted mostly 

positively: “I think this is a good approach. It could be helpful, especially in Bristol where they 

are a lot of issues with student wellbeing!” or “That sounds good. When it is used for the well-

being it could help students and teachers to improve their relationship”. One often heard answer 

was that it depends on the size of the course. If the classes are small and the tutor knows every 

student, learning analytics was perceived as not very useful because the tutor should realize 
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anyway if a person is struggling. However, in big courses students were more positive towards 

learning analytics. 

When asked about their knowledge of data collection at the University of Bristol, students mostly 

mentioned demographic data but hardly anybody thought of data collection via Swipe cards, 

Blackboard or assessment data. There were interesting discussions concerning the students’ 

personal border for data processing and what would infringe their privacy: One student argued: “It 

really depends on who sees the data! My supervisor should not see everything otherwise he/she 

could make conclusions just based on the data. I would be scared if all my data would be readily 

available for all members of the staff! I think there should be a strict policy!” Often, students 

argued that there should be transparent policies from the university, but one student pointed out 

the difficulties of such a general policy: “Not all students are the same – it is hard to find a policy 

that fits for everyone!”.  

Furthermore, students reacted quite differently when confronted with the question which data 

should be included in learning analytics, which underlines the difficulty of finding a policy that 

fits for everyone. “I would provide all my data because it makes the data collecting much more 

effective and useful!”, one student said. Others were more reluctant and for many did not feel 

comfortable to give away personal and more sensitive data for learning analytics. One student 

mentioned, that even if the university included all available data, it would not reflect a fully 

comprehensive picture of a student, because “a lot of students do things outside university and 

drawing conclusions about wellbeing from that would be quite biased!”   

In conclusion, it was very interesting to see how students reacted to the questions. In general, 

students would need much more information to really make an informed decision about data 

analytics and learning analytics.   
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April 2019, Workshop at Education Forum 

In early April, the BILT Student Fellows held workshops and activities for the Student Union’s 

Education Forum, in which over 40 students from across the university attended. The workshop 

concerning learning analytics aimed to find out, if a relatively small group of students could agree 

on a common policy for data processing. The interesting question was, whether all students in the 

group could agree to include or exclude certain data sets for the purposes of learning analytics. 

The task:  

8 groups of students (maximum 7 people per group) had to decide if the University should or 

should not include various metrics when it processes student data to improve the university life. 

The metrics were written down on single index cards and included different data, ranging from 

academic data such as assessment grades, blackboard access or library usage to personal data like 

gender, religion or ethnicity, as you can see in the following image.  

 

 The groups had to decide collectively and only allocate a certain data metric to either “Yes, 

University should use this data for learning analytics” or “No, the University should not use this 

data for learning analytics” if all the members of the group agreed. After 10 minutes the time 

ended, and students were asked to reflect on the task.   
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The outcome:  

The groups engaged in active discussions and we saw that students had different opinions when it 

comes to finding an accurate balance between privacy rights and data analytics. Students were 

mostly open to providing their data for learning analytics as they saw that it can improve university 

life, however, they expect clear policies and strategies from the University before they would agree 

to such a thing. 

The following bar chart provides a summary of how the students allocated the cards. For instance, 

all 8 groups said that attendance in classes or assessment grades data should be included in learning 

analytics. However, when it came to more personal data like the current employment situation, 

gender or ethnicity, the results were mixed, and some groups could not agree to either Yes or No. 

Furthermore, all groups decided that facial recognition at campus or comments on social media 

should be excluded. In general, the groups could allocate academic data easier, agreeing on a usage 

of personal data was far more contentious. This reflects the general perception that sensitive data 

processing infringes the privacy of student much more than “normal” academic data such as swipe 

card usage or attendance in classes. Personal space and privacy are important for students and the 

university should keep that in mind when it implements learning analytics projects. 
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Student feedback: 

The graphic below reflects a small collection of how students responded to the task: 

 

As the time of the workshop was limited, the findings do not provide a full picture of the issue of 

data analytics, but it was good to get some student feedback and listen to their approach to data 

usage at the HE level. After the workshop the students had the chance to express their thoughts on 

the workshop, and the responses varied. “We kind of mulled over each metric, it was hard to 

decide!” one student said. Some were generally critical towards data analytics, “The question is, 

how the University is going to use the data? What do they want to do with it and why? It really 

depends on how the Uni uses it!” was one response. Others had a more open attitude towards data 

analytics and were fine with the usage of their data if it was education based and the university 

processed the data in a transparent way. “It would be nice if the University had an opt-out policy, 

if there are tick boxes and we could decide which data we want to provide. This would be the best 

way to approach it because everyone has different opinions!” one student argued who advocated 

for more control of students over their own data.  

It was great to hear so many different opinions on how the University should use data of students. 

It demonstrated that there are many perspectives on how to approach learning analytics and a 

University policy would need to consider many different aspects. 
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May 2019, Questionnaire: 
Two of the BILT Student Fellows ran a pedagogical pub quiz in early May in which the roughly 

45 participants were also asked to fill a questionnaire on the use of learning analytics in practice. 

The aim of this questionnaire was to find out what students think when they are confronted with 

various learning analytics dashboards, which use and analyse student data and present certain 

results visually. The questionnaire entailed the following questions: 
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The first part of the questionnaire included several questions on how students in general evaluate 

their performance in their courses. I wanted to know whether they mostly look at grades or if they 

use other criteria to judge if they are doing well in class and whether they set personal targets for 

themselves on how they want to study in a given week. Furthermore, students were asked to state 

whether they compare their progress in university with colleagues and whether they find it 

motivating or demotivating to compare their results with fellow student fellows.  

Those initial questions were aimed to get a sense of if there was potential and interest from the 

students to be provided with more feedback on how they are doing in their courses. The results 

were not surprising: Two thirds of students (66.7%) stated that they evaluate the performance in 

their courses on grades. 12,5% answered, that comparing with others constitutes the major criteria 

for evaluating performance. Only 4,2% stated that confidence with the subject, fun and feedback 

of the tutor are used to assess their performance. It was interesting to see that feeling confident in 

the subject did not seem to be important for most of the students as a criterion even though that is 

the preferred outcome of taken a course. Furthermore, teacher feedback does not seem to be very 

decisive. The formal criterion of grade is still the most used measure for the overwhelming number 

of students when they evaluate how they perform in a class.  

Furthermore, more than 90% want to know which grade they are heading to towards the end of the 

year, which suggests that students want to have information already throughout the academic year 

how they are performing and do not want to have unpleasant surprised at the end of the year. One 

thing I noticed when speaking to students was that very often students do not really know how 

they are performing in a specific course. I often heard that it would help students to have an easily 

accessible, comprehensive tool that entails information on their courses in general, the assessment 

criteria of the specific classes and what grades they are heading to. In this case, the use of learning 

analytics for providing students with more information on how they are performing in university 

could be useful.  

Far more balanced were the answers to whether students set themselves study targets in a given 

week and if they find it motivating to compare the results with fellow students. Slightly more than 

50% answered “yes” to those questions. Especially the question on whether students find it 

motiving or demotivating to compare their academic success with colleagues was interesting as it 

showed that too much information does not necessarily have a positive impact on students. Some 

students may find it motivating to have as much information as possible and those are usually the 

students that perform well already in their classes.  Indeed, two thirds of students stated that they 

do compare their progress at university with colleagues.  However, other students may find it rather 

unmotivating to be compared to fellow students and it is important that the university takes that 

into account as well before it implements such learning analytics projects.   

The graphic below shows the result in graphs: 
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The second part of the questionnaire comprised of a list of different dashboards with the same 

three questions for each dashboard. First, students were asked to answer whether they find the 

dashboard clear or not. Secondly, if they think the respective dashboard contains valuable 

information and finally, if they think it could lead students to engage more in their course or not. 

The graphics were taken from the report “Students’ learning responses to receiving dashboard 

data” of Dr Liz Bennett from the University of Huddersfield, which aimed to explore the response 

of 24 undergraduate students to the use of learning dashboards. 

- The report can be accessed via this link: https://www.srhe.ac.uk/downloads/reports-

2016/LizBennet-scoping2016.pdf 

The aim of showing students various dashboards was to find out what they think about learning 

analytics in practice. The dashboards below show different data sets visually and provide academic 

information for students. Three of the dashboards gave information on certain results and showed 

students their academic success. The other three dashboards provided other information like 

attendance, library engagement or general feelings about a specific course. Interestingly, the result-

based dashboards were received more positive than the non-result based.  

 

The graphics below show the answers of the students:  

 

This dashboard provided information on the attendance of students in a certain course and showed 

the results in a pie chart. The students can see how often they were present or absent.  

 

https://www.srhe.ac.uk/downloads/reports-2016/LizBennet-scoping2016.pdf
https://www.srhe.ac.uk/downloads/reports-2016/LizBennet-scoping2016.pdf
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The bar chart dashboard showed the students the grades of a specific assignment. Students could 

see how many people got a First, a 2:1, a 2:2 and a 3rd. Each individual student could also see what 

grade he/she got. 

 

This simple graph gave information which final result the student is heading to in a specific degree. 

Such dashboards analyse the recent performance of a student and predict a final grade, if the 

student continues to perform on the same level. 
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The dashboard above provides information on the latest assignment. The student does not only see 

how he/she performed but can also get information on the average grade of the whole cohort and 

his/her position in the cohort. 

 

The library engagement dashboard tells the student how many books he/she has currently on loan, 

how often the library has been visited and how many electronic resources the student accessed in 

the last week. 
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The wordcloud dashboard worked in two steps. First, students had to click on a smiley and 

indicated how they are feeling about a certain course. Furthermore, they could enter a word which 

described how they were feeling. The results were shown in the wordcloud. Words such as 

“finished”, or “stress” appeared bigger in the wordcloud as more students typed in those words. 

With this method, staff could get a sense of how students felt about a specific course.  

Results: 

Except from the wordcloud dashboard, whose purpose seemed to be unclear for almost half of the 

participants, all other dashboards were clear to the students as usually more than 35 of the 44 

students ticket the “yes”-box in the first question. Some students noted that the smileys in the 

wordcloud dashboards were not clear enough. In the discussions with students it became obvious 

that they prefer simple and easily understandable dashboards.  

In the second question I wanted to know whether the respective dashboard provided valuable 

information. The answers were not that clear as in the first question: While three dashboards were 

seen to contain valuable information, the attendance monitoring data dashboard, the library 

engagement dashboard as well as the wordcloud were not very popular for students, with about 

half of the participants ticking “yes”, and half ticking “no”. Therefore, the three non-result-based 

dashboards were not overwhelmingly perceived as providing valuable information. The result-

based dashboards (prediction of final grade, distribution of grades, latest assignment details), on 

the other hand, seemed to convince students of their value.  

A similar pattern can be observed for the third question, which asked whether the respective 

dashboard could lead students to engage more in their course. The three just mentioned non-result-

based dashboards came off even worse than in the second question. For all three of them the 

students with a narrow majority ticked the “no”-box. 
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However, the result-based dashboards came off again fairly well, even though the distribution of 

grades dashboard and the latest assignment dashboards “only” with a two-thirds majority, which 

was a much less clear result than in the second question. The prediction of final marks dashboard 

scored again very well, with more than 80% of the students thinking that it could lead students to 

engage more in their course. This was not very surprising, since information that, for instance, 

students are close to get a First or a 2:1 is likely to motivate students to reach their study goal. 

However, it is also important to mention that some comments of students were critical towards 

such a prediction dashboard, as it may as well increases the level of stress, if students only look at 

the results throughout the year and not enjoy the everyday (hopefully not that stressful) student 

life. Therefore, again, a difficult balancing act must be made if the university wants to introduce 

such dashboards.  

 

The last question of the questionnaire was intended to capture the overall attitude of participants 

towards dashboards and if they think dashboards can be useful for academic progress. The answers 

were not surprising even though the amount of the overwhelming majority (88.10%) answering 

positively was not expected. This suggests that the participants, all students of the University of 

Bristol, have a positive attitude towards the use of their data for learning analytics dashboards. 

Especially the result-based dashboards were positively received. Dashboards are a simple 

possibility to introduce learning analytics at the University of Bristol and are a good option, when 

it comes to providing students more information on their course.   

 

  



   
 

22 | P a g e  
 

6. What would be good steps forward? 
The University has the difficult task to balance the interest of a comprehensive data collection with 

the interests of students to protect their privacy. This report has tried to give students a voice on 

what happens with their data. Based on the findings above, some final thoughts of the Student 

Fellow are reflected in the last paragraph:  

The first step of the University must be to first know what it wants to do with student data and 

which problem it wants to tackle with it. There has been some progress in the last half year, but it 

will probably take some more time before the university is knows the path it wants to follow with 

learning analytics. If that becomes clear, it is important to discuss how this goal can be reached 

and what learning analytics can help to achieve this goal.  

As a next step it would make sense to create a common “warehouse” of where student data is 

located and saved. Currently this is not the case and student data is fragmented as different 

stakeholders process different data sets of students. It would be easier if the data would be on one 

place. 

Furthermore, students should be included in the process along the way. As I have seen throughout 

my project, students are interested in the topic, but it is important to provide enough information, 

so that students can make informed decisions on the usage of their data. If the university starts 

comprehensive learning analytics projects, a close collaboration with students from the beginning 

would probably help to solve misunderstands from the start.  

Lastly, it is important to stress that learning analytics can only be a tool to facilitate the universities 

goals, but it will not solve problems on its own. When we think about student wellbeing, it is 

important to provide effective help, once learning analytics has helped to locate the students who 

may struggle with wellbeing issues.  


